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Koatolnktiki nuepopnvio: 30 Anpiriov. Kokeiote va mopaddcete éva pdf apyeio pe tig
OTAVTIGELS 6OG G OLES TIS EPMOTNOELS. LTIS UTUVTIGELS GO TUPUKALEIGTE Va £XeTE Pacikd
screenshots amé to excel/python output. To pdf apyeio 0o Tpémer va cuvodeveTon Kon amod Eva,
zip apysio pe Tovg excel/python k®dwkég cac.

Evotnta 4: Unsupervised Learning

Epapuoyn: Kivovvoc yaopoc (Country Risk)

O¢éAeTE VO KATAVONGETE TOV KIVOLVO TV YOP®V TPOTOL TTpoPeite oe kamola enévdvot. Oewpeite
Ot o TOpoKATe yopoktnplotikd (features) eivar onupoviikd yio Ty avédivon cog: Peace Index
(scale 1 (very peaceful) — 5 (not at all peaceful)), Legal Risk Index (scale 0-10 with high values
being favorable), GDP growth kot Corruption Index (scale 0 (highly corrupt) — 100 (no
corruption)). To apyeio Country _risk 2019 data.csv tng evotntog 4 tov e- class nepilapfavet
dedopéva yia 121 yopeg yia to €tog 2019.

1. Xpnowonoteiote o Hierarchical Clustering Baci{opevol oto mapaKdTm YopaKTNPLOTIKG
Peace Index, Legal Risk Index koaw GDP growth yia va. opadonomoete tig xdpeg pe foon tov
Kivduvo oe tpia clusters. XZvykpivete Tig yopeg mov Ppickovion oto high risk cluster otav
ypnoomnoteital o akyopdpog K-means (6nwg idope otn d1dAeén) Kot Otov ¥pNoonolEiTal To
Hierarchical Clustering. Zvufovievteite o AgglomerativeClustering documentation tng Python

https://scikit-learn.org/stable/modules/generated/sklearn.cluster. AgglomerativeClustering.html

Xpnowonoteiote 600 pétpo eyyvnrog , (o) ™ péon amdotacn kot (B) t ward method. Ta
avtiotorya.  apyela Yy va  TpEEETE  TOVG alyopiBuovg  eivar Tt 4.3

hierarchical clustering averagemethod.ipynb ko1 4.4 hierarchical clustering wardmethod.ipynb.


https://scikit-learn.org/stable/modules/generated/sklearn.cluster.AgglomerativeClustering.html

[Towo etvan n drapopd twv 6v0 pétpwv eyyvtntag; EEnyeiote m dtoapopd pe dikd cog Adyto.

Evotnta 5: Supervised Learning: Linear Reqression

2. Xpnowonoteiote to training kou validation set tov apyeiov Salary vs. Age Example.xlsx
ov givar avaptnuévo oty evotnta 3 tov e-class. Apod KavovikKomoleioTe Ta. 0ES0UEVO, GOG
vroloyiote o biases, weights ka1 mean squared errors (mse) yio Ta TopakdT® LOVTELL:

(o) TToAvpetofAntd ypouutkd poviélo pe egoaptmuévn petafint to Salary kot aveEaptnteg
petafantec Tig axodrlovdsg AGE, AGE?, AGE®, AGE* «ou AGE® .

(B) Ridge povtélo pe eEaptmuévn petaPant to Salary kot ave&aptnreg petafinteg i akolovdeg
AGE, AGE?, AGE?, AGE* kot AGE® ue A =0.02, 0.05 ko 0.1.

(y) LASSO povtého pe eEapmmuévn petafint to Salary kor ave&dptnreg petofAnteg Tic
axorovfsc AGE, AGE?, AGES3, AGE* xau AGE® e A =0.02, 0.05 xat 0.1.

KaAeiote n avédAvon va yiver pe ) ypnon tov excel, PBacilouevol oto apyeio 5. Salary vs. Age
Example - Regression.xIsx wov ivai aveptnuévo otnyv evotnra 5 tov eclass. ITowo poviédo Oa
eml\éyate kal Yo, YmoAoyiote To mse yio to test set (mov Ppiokeral oto apyeio Salary vs. Age
Example.xlsx mov givar avaptnuévo oty evotnta 3 tov e-class.) tov poviélov mov emiéyere.

3. Xpnowonoteiote ta dedopéva tov apyeiov  Original_Data.xlsx tg evomrag 5. Ta
dedopéva TEPLaUPAVOLV TILEG TAOANCTG Kot O18POopa YOPOKTNPLOTIKA Yo Ta omitia oty AioPa.
EmiéEre tovddyiotov 20 yopoKTNPIOTIKA Kot VTOA0YIoTE To. MSE yio o, training kou validation
sets ywo o TapakdTo 4 povtédo

(a0) moivpetafint ypapuky tolwvdpdunon, (B) Ridge poviédo, (y) LASSO povtédo kot (3)
ENET povtého pe eEaptnuévn petafAnt Tig T ToAnong Kot aveSaptnTes To YopoKTNPIoTIKA
mov emhé€ate. Ouunbeite Ot1 Ta YopaxTNPoTIKG Oo TPEmMEL VO KOvOViKOTouOovv.
Xpnoworomote 1800 mapatnpnoelg oto training set, 600 oto validation set kot 508 oto test set.
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INo v avdlvon oag umopeite vo Pacioteite ota python apyeio g evotmrag 5 5.1
linear_regression.ipynb, 5.2  ridge_regression.ipynb, 5.3 lasso_regression.ipynb ot 5.4
elasticnet_regression.ipynb. H emidoyn tov A umopei va givan gite d1kn cog €ite va Pactotei 6to
k-fold cross-validation. IToto povtélo Bo emAéyate ko ylori. Ynoloyiote To mse yio. to test set

TOV LOVTEAOV IOV EMIAEYETE.



