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Wealth Management
You have meaningful goals. Our Financial 
Advisors can help you reach them. For nearly 80 
years, we have worked with individuals, 
families, businesses and institutions—to deliver 
services and solutions that help build, preserve 
and manage wealth. We understand our clients’ 
aspirations, and we’re as devoted to their goals 
as they are.

We help our clients pursue their wealth 
management goals through careful advice, 
astute investment management and access to 
the capabilities and network of Goldman 
Sachs.
We work closely with high-net-worth 
individuals, families and select foundations 
and endowments to develop wealth and 
investment management strategies. We then 
identify investment opportunities to help 
them reach their objectives. We complement 
these services with robust execution 
capabilities and attentive client service. Where 
appropriate, we introduce our clients to the 
broader network and resources of Goldman 
Sachs.
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A further defining quality of wealth management 
is that it is delivered in a consultative 

manner. By being consultative, wealth 
managers are truly client-centered. A good 
wealth manager meets a client without any 
presupposition about what financial 

products or services are appropriate for that 
affluent individual.
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While it is common for a wealthy individual to be 
sitting with a wealth manager to address a 

particular need (investment management, say), 
the consultative wealth manager’s overriding 
objective is to understand the person 
and find out what’s important and 

why. Then the wealth manager is able to bring 
in the appropriate experts and provide the 

appropriate financial products.
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Asset owners' stakeholders
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If	you're	an	investor	with	a	substantial	portfolio,	we	offer	a	
broad	range	of	wealth	planning	products	and	services	and	
can	provide	you	with	 in-depth	guidance	designed	 to	help	
you	preserve	your	wealth	and	maximize	growth	potential.
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Practices are ‘what you do’
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The whole picture
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The Process

That has always a beginning and never ends…
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Investment Process

➢ Introduction 

• Fundamental research is hard work and constantly 
challenges a team's ability to draw the right conclusions and 
combine all the different pieces in a compelling and 
profitable way 

• Specialized management teams analyze the most attractive 
financial instruments & companies in their respective 
investment universe, draw up detailed financial models and 
maintain a constant dialog with company executives and 
leading industry experts
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Investment Process

➢Step 1: Definition of investment universe

➢Step 2: Generation of ideas and financial instruments and 
stocks selection

➢Step 3: Portfolio construction 

➢Step 4: Risk Management
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Consultation
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Consultation
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DIY
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Client goals and 
constraints

Nothing is like a good night sleep…
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Strategy
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Technology companies in US
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Versus economic drivers
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PE manage $5.7T AUM
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2008 Financial Crisis Impact
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Covid-19 Impact
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Financially Vulnerable Sectors
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ESG Integration
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Money? Yes. 4all? No!
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The investment 
Building blocks

All ingredients matters…
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Asset Classes
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Assets & Returns
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Asset Classes
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Transfer Value

57



Diversification
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Timing
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Volatility
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Periodic Returns
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The Callan Periodic Table of Investment Returns: Year-End 2022



Strategies
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Strategies
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Strategies
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Modelling 
liabilities/Risk

Unless you measure it, you can’t manage it…
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Equation
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Risk Management
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Risk Management
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Risk Management
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Global geopolitical risk
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Risk Management
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Risk Management
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Risk Management
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Pension Funds
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Risk Ratio
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In the Process
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Risk Adjustment

80



Example

81



Example

82



Example

83



Example

84



Example

85



Example

86



Example

87



Data gathering and 
analysis

Garbage in, garbage out…
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Local Players



Asset Allocation

Diversify, go global or loose…
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Strategic AsAL
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ETF Portfolio
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Core - Satellite
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Passive - Passive
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Levels
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Ways
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Ways
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Profiles Change
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Types



• STRATEGIC ASSET ALLOCATION (S.A.A.)

– Portfolio Strategy that involves setting Target Allocations for Various Asset Classes.

– Factor Analysis determines Original Target Allocation.

– Suitable for Buy and Hold Strategy.

• TACTICAL ASSET ALLOCATION (T.A.A.)

– Moderate Active Trading Approach to complement S.A.A..

– Re-iterate S.A.A. to take advantage of certain market conditions.

– On going Quantitative and Quality Factor Risk Analysis.

– Difference vs S.A.A. is called Active Weight.

– Return to original S.A.A. when conditions are set to (or near) original situation.
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ASSET ALLOCATION
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S.A.A.Risk Level

Expected 
Return

Macro

Micro

Fundamentals

S.A.A. - FACTORS (example)



• STRATEGIC ASSET ALLOCATION (S.A.A.) – INITIAL REBALANCING

120

S.A.A. -BALANCED PORTFOLIO
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T.A.A.
Central 
Banks
Policy

Asset 
Valuations

Market 
Momentum

Yield 
Probabilities

Change

Asset 
Specific

T.A.A. - FACTORS (example)



ACTIVE WEIGHT GENERATION
• TACTICAL ASSET ALLOCATION (T.A.A.) – MARKET CONDITIONS IMPACT
Impact of real current market conditions on ACTIVE WEIGHT  drives Portfolio 
T.A.A. (calculated quantitative and qualitative methods): 

– ECB enhances QE : Positive for Eurozone Sovereign Bonds/EUR Corporate Bonds.

– ECB keeps lowering rates: Positive for Eurozone Sovereign Bonds/EUR Corporate Bonds.

– Oil Price Stabilization: Stability for US Energy Sector Corporate Bonds and increased 
probability for rating pressure lift: Positive for US Corporate Bonds.

– US Equity Market valuations are stretched at SP500 levels above 2000p: Negative Active 
weight due to market conditions. 

– China possible slowdown: Negative Active Weight in Asian Pacific Markets. Positive on 
Australian Government Bonds. 

– Oil Price Rally Stalls. OPEC negotiations Stalemate: Negative Active Weight for Oil Assets.

– Gold has reached Upper technical bound. EUR Equity positive Outlook remains: Negative
Active Weight for real Gold Assets.

– Increase in Cash in order to cover increasing margin requirements. 
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T.A.A. -BALANCED PORTFOLIO
• TACTICAL ASSET ALLOCATION (T.A.A.) – MODERATE REBALANCING
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Portfolio 
Optimization

Taking the process one step forward…

128



Basics

Portfolio optimization is the process of choosing the 
proportions of various assets to be held in 

a portfolio, in such a way as to make the portfolio 
better than any other according to some 
criterion. The criterion will combine, directly or 

indirectly, considerations of the expected value of 
the portfolio's rate of return as well as of the 

return's dispersion and possibly other measures 
of financial risk.
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Modern portfolio theory, fathered by Harry 
Markowitz in the 1950s, assumes that an 
investor wants to maximize a portfolio's expected 
return contingent on any given amount of 

risk, with risk measured by the standard 
deviation of the portfolio's rate of return. For efficient 

portfolios, achieving a higher expected return 
requires taking on more risk, so investors are faced 
with a trade-off between risk and expected return. 
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Problem 1: portfolio optimization is too hard
If you are using a spreadsheet, then this is indeed a 
problem. Spreadsheets are dangerous when given a 

complex task. Portfolio optimization 
qualifies as complex in this context. If you are 

using a more appropriate computing environment, 
then it isn’t really all that hard. There are a few 

issues that need to be dealt with, but taking them one 
at a time keeps the task from being overwhelming.
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Optimization Problems
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Solution
If you are using spreadsheets, my 

prescription is to switch to R. When there is 
real money on the line, using a spreadsheet 
for portfolio optimization seems to me to be 

penny wise and dollar foolish.

Optimization Problems



Problem 2: portfolio optimizers suggest too much 
trading
A major frustration with optimizers is that the turnover 

can be excessive.
Solution
All reasonable portfolio optimizers allow:

• turnover constraints
• transaction costs

Use either of these to reduce the turnover to a 
suitable amount. 
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Optimization Problems
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Problem 3: expected returns are needed
First off, this isn’t strictly true. You can find 
minimum variance portfolios which need a 

variance matrix but not expected returns. The 
success of low volatility investing is a reason to go 

down this route.
But assuming that you are an active investor, you 
need expectations in some sense. There are a 

number of techniques that don’t require numerical 
expected returns.

Optimization Problems



137

Solution: target portfolio
Anyone should be able to provide an ideal target 

portfolio — the portfolio that you would like to hold 
when all constraints are ignored. Once 
you have the target portfolio, then you can get a 

portfolio that is “close” to the target but does obey 
the constraints. One of those constraints should 

almost surely be turnover.

Optimization Problems
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Solution: reverse optimization
The technique of reverse optimization (also called 
implied alpha) can be used iteratively to try to 

find a portfolio that looks like what you want in 
terms of the expected returns that are implied. This 

avoids actually doing optimization, but it is labor-
intensive and it depends on the constraints not 
spoiling the implied alphas (which is perhaps 

doubtful).

Optimization Problems
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Solution: asset ranks
If you can order the assets in your universe in 
terms of expected returns, then it is feasible to 

produce expected returns to give to an 
optimizer. Ranking assets is much easier than 
giving numerical estimates of returns. A paper 

by Almgren and Chriss explains how to turn 
ranks into numerical expected returns.

Optimization Problems
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Problem 4: mean-variance optimization is 
restrictive

There is a myth that mean-variance optimization is 
only useful when returns are normally 

distributed. That’s backwards. If returns are 
normally distributed, then mean-variance 

optimization is all that can be done — all other 
utilities will be equivalent. True, If the return 

distribution of any assets in the universe are not 
reasonably close to symmetric. 

Optimization Problems
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Solution
If indeed you are in a situation — including 

fixed income or options — where mean-
variance optimization is not appropriate, then 

you should probably do scenario 
optimization.

Optimization Problems
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Problem 5: portfolio optimization inputs are noisy 
estimates
Portfolio optimizers are stupid enough to believe what 
we tell them. The optimizer gives us a solution as if 

we really knew the expected returns and the variance 
matrix. In fact, (a) estimates of expected returns are 
almost total noise and (b) estimates of the variance 
matrix are quite noisy “almost total noise” applies to 
the best fund managers — the “almost” needs to be 

dropped for below-average fund managers.

Optimization Problems
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Solution: Black-Litterman type 
operations
Some people think that doing something like Black-
Litterman is a solution to this problem. It isn’t. If 
done intelligently, then it reduces — but does not 

eliminate — the noise in the expected returns.

Optimization Problems
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Solution: robust optimization
The real solution to this problem goes by the name 
of robust optimization. I find this term unfortunate 
since there are several uses of the term “robust” 

which can easily be confused with the meaning of 
getting good solutions to a trade optimization from 

noisy inputs. There is a rather large selection of 
proposals for implementing solutions. Most of them 

are quite complicated.

Optimization Problems
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Solution: shrinking
There is a simple and easily implemented solution 
(though the exact number probably needs to be 

found via experimentation).
It is easy to shrink the trade either by imposing a 
(stronger) turnover constraint or by increasing the 

transaction costs. How much to do that is an issue, 
of course, but the principle is simple. A guess is 

likely to be better than not doing it at all.

Optimization Problems
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Problem 6: transaction costs are tricky
This is true. But there’s an even trickier bit: either 
the transaction costs need to be scaled to match 

the expected returns and variance, or the expected 
returns and variance need to be scaled to match 

the transaction costs. The three entities all appear 
in the utility function, and scaling is 
necessary for the utility to make sense.

Optimization Problems
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Solution
The coward’s way out is just to impose a turnover 

constraint.
The other way is to work and think hard about 

trading costs. And probably to use an optimizer 
that allows flexible specification of costs.

Optimization Problems
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Problem 7: risk and alpha factor alignment 
trouble

There has been talk among the portfolio 
optimization literati about alpha eating and factor 

alignment. The whole thing sounds seriously 
geeky. The gist of it is that if there are factors used 
in the expected returns that are not factors in the 

risk model, then the optimizer will think those 
factors are essentially riskless and use them too 

much.

Optimization Problems
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Solution
One of the main “solutions” to this is to add the 
missing factors to the risk model. This of course 
assumes that there are factors in the expected 
returns model. The real problem is that factor 

models are the wrong technology to use as the 
variance matrix in optimizers. The solution, then, is 

better technology. My suggestion is to 
use Ledoit-Wolf estimates which shrink 

towards equal correlation.

Optimization Problems



Performance appraisal 
and evaluation, 

manager selection

From the end to beginning…
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1. How should we deal with the conflict 
between long-term investment goals and short-

term evaluation cycles?
2. Should performance evaluation be 

quantitative or qualitative?
3. Should performance for active and passive 

portfolios be measured differently?
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Returns
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Characteristics
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Pitfalls
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Pitfalls



THE FUTURE:
ROBOTICS & 
MACHINE LEARNING

Learning to fly…
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Model
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Evolution
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WEALTH 
MANAGEMENT, 
BEHAVIORAL 
INTELLIGENCE & 
MARITIME ECONOMICS

Actual life…

171



Wealth Management
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Behavioral Intelligence
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Maritime Economics
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Maritime Economics
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Maritime Economics
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Thank you!
Theodore N. Krintas, PhD, CIIA


